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APPENDIX S.1 PRE-RECESSION WEALTH

For a handful of countries, LWS includes wealth measures taken before the Great Recession
of 2008/2009. Figure S.1 includes and highlights these countries and allows an assessment
of the extent of change in wealth and income inequality (Figure S.1a) as well as wealth and
income concentration (Figure S.1b) between a pre-recession and post-recession measurement
point. In most countries, inequality and concentration in income and wealth remain relatively
stable or increase somewhat over this period. Larger increases in wealth inequality and
concentration can be observed for Australia, Spain, and the United States. However, Figure
S.1 also reveals that our overall assessment of international differences in wealth inequality
and concentration — and, in particular, its non-correlation with international differences in
income inequality and concentration — is substantively the same whether we draw on pre- or
post-recession measures of wealth.

Similarly, Table S.1 reports the results of an alternative decomposition analysis that
takes the pre-recession (2001) U.S. wealth structure and distribution as the reference to
simulate wealth inequality and concentration in other countries. The resulting findings of
the decomposition analysis hardly change. That is, imposing the pre-recession U.S. wealth
portfolio and within-component inequality on other countries has approximately the same
effect as imposing the post-recession U.S. wealth structure (as reported in our main analyses).
This point is further emphasized by the fact that imposing pre-recession U.S. estimates on
the post-recession U.S. also produces quite limited changes in overall wealth inequality and
concentration. In sum, the stability analyses reported here suggest that our main findings

are not simply a reflection of a unique post-recessionary period.
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Figure S.1: Wealth Inequality and Concentration: Pre- and Post-Recession
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APPENDIX S.2 AGE GROUPS

Figure S.2: Wealth Inequality and Concentration: Different Age Groups
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household head (25-64, 25-39, 40-64, none).
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*We point out that the Gini coefficient estimates for the age group 25-39 in Sweden and
Norway are implausibly high (1.26 and 1.23, respectively) and excluded from Figure S.2a.
Gini coefficients of above 1 can arise for distributions with a substantial share of negative
values. Indeed, additional analyses reveal that the two countries have the highest share of
households with negative net worth in this age group among all countries included here.
Restricting the estimation to only positive net worth values brings the Gini coefficient es-
timates back into the standard range (see also stability of findings based on the top share
measure; Figure S.2b). Of course, aside from challenging the interpretation of estimated
Gini coefficients among younger Swedes and Norwegians, this pattern also points towards
a substantively interesting shift in the wealth distribution across age groups in Sweden and

Norway (further assessed in Pfeffer and Waitkus 2021).
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APPENDIX S.3 DATA QUALITY

We are not aware of any studies that have formally validated wealth estimates from LWS
against other data sources,! a reflection of the early stage at which comparative wealth
research finds itself (Killewald et al. 2017). Here, we pursue different approaches to critically
interrogate the validity of our main estimates and comparative conclusions. First, we provide
a direct comparison of our estimates to those derived from other data sources. Second, we
spell out our expectations on the potential role of measurement error at the top for our
cross-national comparison. Third, we simulate how large measurement error in top wealth
in the United States would have to be to influence our conclusion about its exceptional level

of wealth inequality.

External Validation

The Household Finance and Consumption Survey (HFCS), collected by the European Central
Bank, measures households’ net worth in European countries. LWS draws on HFCS surveys
for some countries where no other fitting wealth data are available, namely Austria, Greece,
Luxembourg, Slovakia, and Slovenia. In these countries, a comparison between LWS and
HFCS-based estimates amounts to an assessment of how much the harmonization work done
by LWS impacts estimates of wealth inequality and concentration (see Figure S.3a and S.3b;
unfilled red diamonds). In contrast, for others countries in our sample, HFCS data exist but
LWS draws on different national data sources, allowing us to assess to what degree estimates
of wealth inequality and concentration depend on the survey used (see Figure S.3a and S.3b;
filled red diamonds).? In S.3a and S.3b we observe that estimates of wealth inequality vary
across data sources but that deviations are quite minor for Gini coefficients and negligible

for top share measures (with the exception of wealth concentration in Germany, which is

"'We have confirmed this assessment in personal communication with LWS staff.
2For a few of these countries, there are minor differences in survey years between the LWS-included survey
and the HFCS survey (2012 vs. 2014 in Germany and 2013 vs. 2014 for Finland).
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estimated to be substantially higher in the HFCS data). Also, the deviations resulting from
the use of entirely different surveys does not appear, on average, to introduce larger deviations
than those introduced by harmonization efforts. Overall, we interpret these patterns to

lend considerable credibility to LWS-based estimates of international differences in wealth

inequality.
Figure S.3: External Validation
(a) Comparison to HFCS: Gini Coefficient (b) Comparison to HFCS: Top 5% Share
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to the working-age population and equivalize wealth measures. For WID, we cannot impose the same
sample constraints or measurement transformations and we also have to rely on a measure of the wealth
share held by the top 10% (to see how estimating this measure for LWS provides a similar but not identical
ranking of countries compared to the top 5% share, compare the x-asis of Figure b to Figure c)

What if we were to compare our estimates to those derived not merely from different

data sources but from entirely different measurement approaches? A recent innovation in
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wealth measurement comes from Distributional National Accounts, DINA (Saez and Zuc-
man 2016; Piketty et al. 2018). This approach approximates wealth distributions from the
wealth measured in national aggregate statistics through a variety of complex data imputa-
tions, chiefly the conversion of streams of asset income into underlying asset values (“income
capitalization”). DINA wealth data differ in a variety of ways from survey-based measures
(Fesseau et al. 2013; Saez and Zucman 2020), such as the unit of analysis (taxpayers), the
included asset components (restricted to return-yielding assets), and, perhaps most impor-
tantly, in their focus on the very top of the wealth distribution (where asset income exists).
In Figure 3c, we draw on DINA estimates of top wealth concentration as supplied by the
World Inequality Database (WID, Alvaredo et al. 2017). Among the countries included in
our sample, such estimates are only available for the U.S. and UK, illustrating that this
approach to wealth measurement is still in its infancy. Nevertheless, the estimates of wealth
concentration (share held by the top 10 percent, as available in WID) are broadly compara-
ble between the DINA and LWS. The relative ranking of the U.S. remains unaltered based
on DINA data while the UK moves, by a few countries, into the upper half of the ranking.
Notably, compared to survey estimates, DINA estimates are lower in the U.S.? and higher
in the UK, again providing no indication that survey-based measures may consistently over-

or under-estimate wealth concentration.

Undercoverage of Top Wealth: Expectations and Simulations

Skeptics may still worry that none of the measurement approaches discussed above ade-
quately capture the concentration of wealth at the very top: The very wealthy may simply
be better at evading any type of data collection effort compared to those with less wealth.
That may be true, but the question for our comparative study is whether the potential
undercoverage of wealth at the top of the distribution may also bias our comparative conclu-

sions. For the international wealth inequality ranking to be substantially altered, the evasion

3See Saez and Zucman (2020) for a comparative assessment of DINA estimates to those produced by the
Survey of Consumer Finances (SCF).
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efforts of the wealthy would need to differ strongly across countries, which we consider possi-
ble though not very likely. More importantly, we expect the non-correlation between wealth
inequality /concentration and income inequality /concentration that we document to be sta-
ble against potential concerns about undercoverage of the top. To the extent that selective
coverage of top wealth is positively correlated to that of top income — which strikes us as
a quite reasonable assumption (see also Keister 2014) — the conclusion about the indepen-
dence of income and wealth inequality drawn here should be conservative. That is, countries
that are more likely to miss the income rich (or income poor, for that matter) should also be
more likely to miss the very wealthy (or asset poor), thereby pushing any particular nation in
the same direction in regards to its level of income and wealth inequality. As a consequence,
if anything, we would expect undercoverage of the top to induce (rather than suppress) a
positive correlation between measures of income and wealth inequality.

Another related question may be raised about our finding of exceptionally high wealth
inequality in the United States. What if U.S. exceptionalism was less about wealth inequality
than about its ability to sample the very wealthy?* The providers of the U.S. wealth data
included here, the Survey of Consumer Finances (SCF), indeed exert a great deal of effort
to effectively oversample the wealthy (see Kennickell 2017; Pfeffer et al. 2016). Although we
want to be clear that we see no reason to assume that the U.S. outperforms other countries in
this way, Figure S.4 provides the results of an overly conservative simulation analysis. This
analysis tests the drastic assumption that only the U.S. — and no other country — adequately
captures the top of the wealth distribution. In this hypothetical world, a “fair” comparison
between the U.S. and other countries should dispose of the very top of the U.S. wealth
distribution. In Figure S.4, we therefore successively dispose of the top one percent, top two

percent, and top three percent of the wealth distribution (i.e. we censor at the 99th, 98th,

4A similar critique could be levied against the Swedish and Norwegian estimates: Is wealth concentration
so high in these countries because they alone are able to capture the wealthy correctly thanks to access
to register data? Given our expectations about measurement error correlation between income and wealth
offered above, the comparatively low estimate of income inequality and concentration for these countries
again complicates this argument.
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and 97th percentile, respectively) and re-estimate the level of overall wealth inequality (we
do not re-estimate wealth concentration under these drastic scenarios). In these scenarios,
U.S. wealth inequality successively drops by a total of almost .10 Gini points. But even the
censoring of the top three percent in the U.S. and no other country would still leave the U.S.
as the country with the second highest level of wealth inequality in our sample of countries,

only outdone by Sweden.

Figure S.4: Simulation: Top-Censoring U.S. Wealth Data
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APPENDIX S.4 RETIREMENT WEALTH

Retirement savings and pensions are excluded from our analyses, as they are from most
research on wealth. Complete “augmented net worth” measures, which include both private
retirement savings and current-value estimates of employer-based and public pensions, are
not available for a cross-national comparison. However, data on private retirement savings
and some occupational pensions are available for a handful of countries included in our anal-
yses. Table S.5 provides estimates of wealth inequality and concentration when “voluntary
retirement savings” and “occupational pensions” are added to our measures of wealth in-
equality. The Gini coefficient is virtually unaffected by the inclusion of voluntary retirement
savings, while occupational pensions only reduce the wealth Gini coefficient for Finland to an
appreciable degree (similarly, wealth concentration measures are only appreciably reduced
in Canada and Finland once we include occupational pension wealth). While it would be
helpful to be able to draw on these indicators for more countries, we also acknowledge that
even these indicators do not include what in many countries is by far the largest component

of pension wealth, namely (estimates of current values of) public pensions.
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Table S.5: Wealth Inequality and Retirement Wealth

Net Worth Augmented Net Worth
w/ volunt. savings ~ w/ occup. pensions w/ both

Gini Coefficient

o) 2) ®3) (4)
CAN 0.688 0.675 0.652 0.645
FIN 0.629 0.627 0.542 0.542
GRE 0.604 0.604 - -
ITA 0.596 0.602 0.604 0.61
LUX 0.661 0.659 - -
SK 0.493 0.492 - -
SI 0.633 0.633 - -
ES 0.675 0.675 0.675 0.674
UK 0.674 0.674 0.648 0.648
US 0.899 0.875 - -
Concentration

(5) (6) (M) (8)
CAN 38.7 36.6 32.1 31.3
FIN 30.3 30.1 23.3 23.3
GRE 28.7 28.7 - -
ITA 29.7 29.8 30.1 30.3
LUX 39.1 38.7 - -
SK 22.7 22.7 - -
SI 39.4 39.4 - -
ES 38.3 38.2 38.2 38.1
UK 39.6 39.7 34.8 34.8
Us 70.4 65.6 - -
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APPENDIX S.5 HOUSING EQUITY COMPONENTS

As described in the main text, we believe that delineating the separate contribution of
the distribution of home values and the distribution of mortgage debt is daunting as the
two are interactively determined. Additive decompositions of their relative contribution
should therefore be interpreted with great caution. Table S.6 nevertheless provides such
analysis. The findings, if one were to believe the linear decomposition results in this context,
suggest that the distribution of owner-occupied home values is the major driver of housing
wealth inequality and, together with the value of real estate, of housing wealth concentration.
Again, this finding does not rule out a crucial role of financialization, as its effects on the
wealth distribution may be channeled through the housing market rather than merely emerge

through its direct link to households’ increased participation in financial markets.
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APPENDIX S.6 INCOME COMPONENTS

Figure S.5: Financial Wealth and Income Component Inequality /Concentration
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APPENDIX S.7 HOUSEHOLD-SIZE ADJUSTMENTS

Figure S.6: Wealth Inequality and Concentration: Equivalized vs. Non-Equivalized Wealth
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